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Nobelpreise fir KI

Es ist eine Revolution

Die KI-Welt ist voller halbseidener Versprechen. Hat sich das
Nobelpreiskomitee vom Hype anstecken lassen? Nein, es ist wirklich die
wichtigste Technologie unserer Zeit.
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TRUMP ANNOUNCES PARTNERSHIP
INVESTING $500 BILLION IN Al

How small Chinese Al start-up DeepSeek
shocked Silicon Valley

Hedge fund billionaire Liang Wenfeng builds model on tight budget despite US attempt fo
halt China’s high-tech ambitions
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Motivation: Artificial Intelligence allows
to automate human decision making




Use cases?




ChatGPT

What is the best burger recipe?

There are many different burger recipes out there, and the "best" one will depend on
personal preference. Some people prefer their burgers to be simple and classic, while

others like to experiment with different ingredients and flavors.
Here is a basic burger recipe that can serve as a starting point:

Ingredients:

1 pound ground beef
* 4 hamburger buns

Lettuce, tomato, onion, and other toppings of your choice
* Salt and pepper

Instructions:

ﬂ How can | train a transformer using Keras?

To train a transformer using Keras, you will first need to install the Keras library. Once you
have installed Keras, you can use the *Sequential” class to define your model, and the

*add() " method to add a transformer layer to your model. Here is an example:

[?) Copy code

tensorflow t keras

tensorflow.keras.layers 1 Dense, Transformer

C

= keras.Sequential()

a g "mer L to

.add(Transformer(num_heads=2, d_model=517, input_shape=(
a dense to

.add(Dense(1¢, activati

.compile(optimizer= , loss=

D

, metrics=

.fit(X_train, y_train, epochs=10)

In this example, we are defining a model with a transformer layer that has 8 heads, a

model size of 512, and takes input with a2 chana nf *’None, 64)°, where “None"
‘G Tryagain  , javer with 10 output units and a

renresents the batch size. We




What is machine
learning?

Machine learning is the
field of study that gives
computers the ability to
learn without being
explicitly programmed.

e

7




Cat Node

1

A’/ \A
ORI
XA

Face
Node

_— D
5 §
53 RE
c O RS ‘V o \/AV\A
g 2 RPRBRERIK
= 113 »NQH.Q, @
\NREN/ AL N AN
LRRBDRERERN
ofofeleYefeYetole)e
RS | L RIIRL | LR | LIS

d
I KR KX A KKK
\x\ AR AR /1.//




Qutput

i . Probabilities
Attention is all you need p
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Abstract 1 —
[ Add & Norm ]ﬂ

The dominant sequence transduction models are based on complex recurrent or Nx
convolutional neural networks that include an encoder and a decoder. The best L Add &-Norm ) Masked
performing models also connect the encoder and decoder through an attention Multi-Head Multi-Head
mechanism. We propose a new simple network architecture, the Transformer, Attention Attention
based solely on attention mechanisms, dispensing with recurrence and convolutions
entirely. gxpcrimcnls on two machine ptfanslftion tasks show these models to AT t
be superior in quality while being more parallelizable and requiring significantly \ — J \_ — ")
less time to train. Our model achieves 28.4 BLEU on the WMT 2014 English- .
to-German translation task, improving over the existing best results, including Positional D Positional
ensembles, by over 2 BLEU. On the WMT 2014 English-to-French translation task, EﬂCOdinC} 6' Encodin g
our model establishes a new single-model state-of-the-art BLEU score of 41.8 after 2 n
training for 3.5 days on eight GPUs, a small fraction of the training costs of the Input Output
best models from the literature. We show that the Transformer generalizes well to Embedding Embedding
other tasks by applying it successfully to English constituency parsing both with
large and limited training data. t T
Inputs Outputs

(shifted right)



Use Cases von ChatGPT in der Produktion?

GO gle chatgpt in manufacturing

4 Al Overview

ChatGPT, and similar large language models (LLMs), are transforming manufacturing by

can analyze vast amounts of data to optimize production schedules, predict equipment
failures, identify product defects in real-time, and manage complex supply chain logistics
more effectively. While they offer significant benefits for communication, data analysis,
and content generation, it's crucial to remember that specialized physical intelligence is
still required for complex robotics and adaptation, indicating that the future lies in
integrating LLMs with other Al systems designed for real-world physical tasks. ¢

How ChatGPT is Used in Manufacturing

Predictive Maintenance:

LLMs can analyze sensor data to predict equipment failures, allowing for preventative
maintenance and minimizing downtime. @

Quality Control:

By analyzing data from sensors and cameras, LLMs can identify defects in real-time,
improving product quality and reducing waste. @

Supply Chain Management:

LLMs can forecast demand, optimize inventory levels, and suggest alternative suppliers
to maintain a smooth supply chain and reduce costs. @

Production Planning and Scheduling:

By analyzing historical and current production data, LLMs can recommend efficient
production schedules considering machine availability and workforce capacity. ¢

Workforce Empowerment:

ChatGPT and similar tools can handle various tasks, from drafting emails and
summarizing complex information to helping professionals brainstorm ideas, freeing up
employees for higher-value activities. @
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KUNSTLICHE INTELLIGENZ

Warum die Halfte der deutschen
Unternehmen auf KI verzichtet: Thnen
fehlt eine KI-Strategie

VON MATTHIAS HANDRICH UND PATRICK GLAUNER

Eine KI-Strategie besteht aus vier Sdulen: Anwendungsfillen, Bildung, IT-

Infrastruktur und Daten sowie Organisation und Governance. Das Problem damit:

Weil den meisten Unternehmen diese Strategie fehlt, kommt die Kl in
Deutschland nur langsam voran. Ein Gastbeitrag von Matthias Handrich und

Patrick Glauner

F wmne 83 wemraz & PRO DIGITALWIRTSCHAFT

BERATUNGSBRANCHE

Wie KI das Geschaftsmodell der
Berater verandert

[0l von Patrick Glauner, Christian Mandl 29.

enabling
ey. a i transformation

building confidence | creating value | augmenting potential

Kiinstliche Intelligenz (KI) verandert die Berufswelt und Geschaftsmodelle
rasant - und spielt dabei auch in der Beratungsbranche eine entscheidende
Rolle.
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When you should look
into Artificial Intelligence
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Use case: predicting the
outcome of simulations




New Input

Is Result
Confident?

Run Simulation

Train on New Data



Use case: :
generating :
ayouts of

machines

Source: Krones Group
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Input Data Black Box Models Model Output
(Training) (Prediction)

— Prediction

—— Confidence Interval

e Data
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ARGUMENT An expert's point of view on a current event.

y Quantum Computing Is Even
IMore Dangerous Than Artificial
~ Intelligence

g The world already failed to regulate Al Let’s not repeat that epic mistake.
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A Betriebswirtschaft, International Management, Tourismusmanagment,
Volkswirtschaftslehre

B Studienzentrum
Alumni, AWP-und Sprachzentrum, Career Service, Duales Studium, International Office,
Psycho-und Sozlalberatung, Studenten- und Prifungsverwaltung, Zentrale Studienberatung

Maschinenbau, Mechatronik, Copyshop

Bauingenierwesen, Umweltingenieurwesen
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Bibliothek, Rechenzentrum
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Hochschulleitung, Marketing, Presse, HRM, ZAF

Gunther Karl Forum
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Micro Epsilon Forum
Medientechnik

Kermi Forum
Wirtschaftsinformatik, E-leaming, Cafeteria

Zollner Elektronik AG Forum
Technische Physik, Wirtschaftsingenieurwesen

Weitere Standorte

Trainingswissenschaften: im Deggs
(2. Stock)

TN T o o o o
I T T T [0

T

Gesundheitswissenschaften: Land-Au 27

1 Senatssaal (2. Stock)
2 Finanzabteilung, Studentenwerk
(1. & 2. Stock)
3 Horsaal 2 (EG)
4 Weiterbildungszentrum (EG)
5 Kinderbetreuung Little Ducks (EG)
6 Konferenzraum im Glashaus (1. Stock)

Zugang Uber Treppenaufgang Riuckgebaude Glashaus
7 Mensa Glashaus

Professor Patrick Glauner

Deggendorf Institute of Technology

Department of Applied Computer
Science

Room 005, K Building
Dieter-Gorlitz-Platz 1
94469 Deggendorf, Bavaria
Germany

patrick.glauner@th-deqg.de



mailto:patrick.glauner@th-deg.de
mailto:patrick.glauner@th-deg.de
mailto:patrick.glauner@th-deg.de

